
Exam Code: HPE2-B08
Exam Name: HPE2-B08: HPE Private Cloud AI Solutions Training Course

Certification: HPE Private Cloud AI Solutions

Vendor: HPE

HPE2-B08 Training Course
HPE2-B08: HPE Private Cloud AI Solutions Training
Course

Structured Learning & Certification Preparation



Table of Contents
1. Introduction

2. About This Training / Certification

3. What We Offer (AAAdemy)

4. Knowledge Overview

5. Detailed Knowledge Explanation

6. Learning Path & Study Advice

7. Who This PDF Is For

8. Call To Action

9. Attachment: Answers by Knowledge Point

Introduction
This study pack is designed to support preparation for the HPE Private Cloud AI Solutions exam through a
clear, knowledge-point-driven structure. It brings the exam scope into one place so you can review Recognize

Fundamental AI Concepts, Assess customers' AI maturity, workloads, and use case, Describe the

infrastructure components of HPE Private Cloud AI with NVIDIA, Describe the software components of HPE

Private Cloud AI with NVIDIA, and related domains in the same order you are expected to master them.

The material is organized around 5 official blueprint domains, with each section keeping the detailed
explanation content intact and pairing it with mapped practice questions. A practical way to use this pack is to

move in a repeatable study, practice, and review cycle: study the explanation first, answer the related

questions, then check the answer attachment to confirm where your understanding is already strong and

where it still needs reinforcement.

About This Training / Certification
HPE Private Cloud AI Solutions focuses on the ability to understand the core concepts, terminology, roles,

operational practices, and decision-making patterns covered by the certification blueprint. The exam expects
candidates to connect foundational knowledge with practical scenarios and choose actions that fit the stated

business, technical, and operational context.

This training content supports that preparation by keeping the knowledge explanations structured and by

pairing each exam domain with directly mapped practice questions. The result is a study pack that helps you



connect key terms, domain concepts, practical trade-offs, and exam readiness in a format that is practical for

steady exam preparation.

What We Offer (AAAdemy)
AAAdemy provides structured training resources designed to support certification preparation and skill

development across a wide range of IT domains. Our learning materials are built around clear knowledge
structures, practical study guidance, and exam-oriented practice to help learners progress with confidence.

We offer well-organized knowledge explanations that break down complex topics into clear, understandable

sections aligned with official exam objectives and real-world skill requirements. Each topic is designed to

support both conceptual understanding and practical application.

Our study plans and learning guidance help learners follow a logical progression, focusing on key concepts,
common pitfalls, and effective preparation strategies. This approach enables learners to study efficiently while

maintaining a clear view of their learning goals.

To reinforce understanding, AAAdemy also provides practice questions and exam-focused insights that reflect

typical certification scenarios. These resources are intended to help learners evaluate their readiness and

strengthen their confidence before taking an exam.

All content is designed for flexible, self-paced learning, allowing individuals to study independently or

alongside their existing professional or academic commitments.

Knowledge Overview
Recognize Fundamental AI Concepts

AI Workload Types and Resource Pressure Patterns

Generative AI, RAG, and Model Lifecycle Boundaries

Assess customers' AI maturity, workloads, and use case

Customer AI Maturity and Use-Case Qualification

Workload Requirement Translation into Solution Constraints

Describe the infrastructure components of HPE Private Cloud AI with NVIDIA

Compute, GPU, and Interconnect Architecture

Storage and Network Data Path for AI Pipelines

Describe the software components of HPE Private Cloud AI with NVIDIA

NVIDIA AI Enterprise and HPE Software Stack Roles



Identity, Governance, and Observability in AI Operations

Describe the differences between each solution's config sizes

Configuration Size Selection and Capacity Tradeoffs

HPE Intelligent Configurator and One Config Advanced Workflow Evidence

Detailed Knowledge Explanation

Recognize Fundamental AI Concepts

AI Workload Types and Resource Pressure Patterns

Exam Radar

Core Priority: HPE2-B08 uses basic AI terms as sizing signals. Training, fine-tuning, inference,

RAG, and preprocessing do not stress the platform the same way, so the first exam move is to
classify the workload before choosing a configuration.

High Frequency: Expect symptoms such as long epochs, idle GPUs, request latency, queue

buildup, stale retrieval, or slow data preparation. These clues decide whether the answer should

focus on compute, GPU memory, storage throughput, network path, or software runtime.

Confusion Alert: Do not treat every AI performance issue as "add more GPUs." A training job can
be blocked by storage reads; an inference service can be blocked by concurrency; a RAG assistant

can be blocked by index freshness even when the model endpoint is healthy.

Scenario Logic: Read the workload verb first. "Train" points to epochs, batch size, dataset

movement, and accelerator memory. "Serve" points to latency, concurrency, endpoint scaling, and

model footprint. "Ground answers" points to corpus, embeddings, vector index, and retrieval
evidence.

Version Delta: Exact HPE and NVIDIA configuration options may change by release and region, so

use workload behavior as the stable concept and validate the final component set in the supported

HPE configuration workflow.

Failure Trigger: The wrong design starts when a candidate maps an AI label directly to a SKU
without asking what resource is actually under pressure.

Operational Dependency: The dependency is workload evidence: GPU memory use, GPU duty

cycle, storage latency, throughput, endpoint queue depth, or retrieval trace.

How the Exam Asks It: The stem may describe a symptom and ask what classification or first

investigation best supports HPE Private Cloud AI sizing.



How Distractors Are Designed: Distractors often choose a visible component, such as switch

capacity or GPU count, while ignoring the earlier workload bottleneck.

Why the Correct Answer Works: The correct answer names the workload type and the resource
path that controls sizing, which lets the solution conversation move from general AI interest to

measurable platform requirements.

Atomic Deconstruction - Operational Level

Classifying training, fine-tuning, inference, RAG, and data-preparation workloads by compute, memory,

storage, and network pressure. The learner should treat the workload name as an operational signal, not a

vocabulary item. A training job consumes GPU memory across epochs and waits for batches; an inference

endpoint consumes accelerator memory and serving capacity per request; a RAG flow depends on document

ingestion, chunking, embedding, and index freshness before generation quality can be judged.

The why-layer is that HPE Private Cloud AI sizing begins with the pressure pattern. If a training workload is

starved by storage throughput, adding endpoint replicas does not improve epoch time. If an inference

workload is constrained by model memory and concurrency, increasing raw dataset capacity does not solve

latency. If a RAG workload retrieves stale or irrelevant documents, the answer quality problem sits in the

retrieval chain even when GPU metrics look normal.

In HPE/NVIDIA positioning, map each workload to the part of the integrated stack it stresses. Training and

fine-tuning conversations often move toward HPE ProLiant GPU compute, NVIDIA accelerator memory,

storage throughput, and accelerator-to-network design. Inference and generative AI serving conversations

may involve NVIDIA AI Enterprise and NVIDIA NIM-style serving components where supported by the release.

RAG conversations add HPE GreenLake for File Storage or another governed data source, vector retrieval
behavior, and lifecycle controls before the model endpoint is treated as ready.

Component Specifications

| Object | Attribute | Value Range | Default State | Dependency | Failure State |

| ---------------------------- | ------------------------------ | ---------------------------------------------------------------------------------
--------- | ------------------------------------------------- | ----------------------------------------------------------- | ---------------------

-------------------------------------------------------- |

| Training job | GPU memory footprint | Model parameters, batch size, precision mode | Unsized until workload

profile is known | GPU capacity, interconnect bandwidth, dataset locality | Out-of-memory termination, slow

epochs, or poor scaling across GPUs |

| Inference service | Latency and concurrency target | Tokens per second, requests per second, response-

time SLO | Unknown until use case is measured | Model size, serving framework, GPU allocation, network

path | Queue buildup, timeout responses, or oversized idle GPU pools |

| RAG pipeline | Retrieval dependency | Vector index, embedding model, chunking policy, source corpus | No

validated retrieval path | Data preparation, index refresh, model endpoint | Correct model returns poor
answers because grounding data is missing or stale |



| Data-preparation flow | I/O pattern | Batch ingest, feature extraction, preprocessing throughput | Often

CPU/storage bound before GPU bound | Storage bandwidth, CPU threads, network fabric | GPU

underutilization while ingestion or preprocessing waits |
| NVIDIA AI Enterprise runtime | Serving and framework support | Supported containers, drivers, libraries, and

NIM-style inference services where available | Not proven until release compatibility is checked | HPE Private

Cloud AI software baseline and GPU visibility | Workload cannot use supported acceleration or serving

workflow |

Step-by-Step Execution Path

1. Read the action verb in the scenario: train, fine-tune, infer, retrieve, embed, preprocess, or serve.

This identifies the workload family before any component is selected.

2. Pair the verb with the first measurable symptom. Long epoch time, GPU idle gaps, and storage
spikes point to training data flow; request timeout and queue depth point to inference serving; fluent

wrong answers point to RAG retrieval.

3. Identify the controlling resource path. For training, inspect GPU memory, interconnect, and dataset

throughput. For inference, inspect endpoint concurrency and model footprint. For RAG, inspect

corpus freshness, embedding compatibility, and index behavior.

4. Bind the pressure point to a named HPE/NVIDIA layer: HPE ProLiant GPU compute for accelerator

execution, NVIDIA AI Enterprise for supported runtime, HPE GreenLake for File Storage for

governed high-performance data access, and HPE OpsRamp or platform telemetry for health

evidence where available.

5. Use conservative evidence from telemetry or design review. Treat GPU utilization graphs, storage
latency, endpoint metrics, and retrieval logs as stronger signals than a generic request for a larger

configuration.

6. Select the answer that preserves this sequence: classify workload, locate resource pressure, then

size or position the HPE Private Cloud AI solution.

Conservative verification examples:
Command type: Logs/metrics/health status evidence

Action: Compare GPU utilization, storage latency, and job phase timestamps during a representative training

run.

Expected state: The bottleneck appears before the downstream symptom, such as GPU idle time following

slow data reads.

Command type: Design review evidence

Action: Map the use case to training, inference, RAG, or preprocessing before selecting configuration size.

Expected state: The selected workload class explains both the success metric and the dominant resource

pressure.



Technical Chain

A workload scenario becomes actionable when the AI verb is tied to a system path. In training, the dataset is
read and transformed into batches before GPU kernels can run, so storage or preprocessing delay appears

as accelerator idle time. In inference, a request enters the serving runtime, consumes model memory and

compute, and either returns within the latency target or waits in a queue. In RAG, the user prompt first

depends on retrieval quality; generation can only be trusted if the index returns relevant, current context. This
is why the exam favors workload classification before component selection.

Operational Skills Matrix

| Task | Precise Command or Path | Verification Standard |

| ---------------------------------------- | ------------------------------------------------------------------------------------------------ | ---
----------------------------------------------------------------------------------------- |

| Validate accelerator utilization pattern | Supported management interface: inspect GPU utilization telemetry

during the job window | GPU duty cycle correlates with training phases instead of remaining idle without

explanation |

| Validate data path pressure | Storage or observability console: compare read throughput and latency during
epoch start | Throughput spikes and latency changes are visible when the job requests batches |

| Validate workload class | Design review evidence: map objective to training, fine-tuning, inference, RAG, or

preprocessing | The selected class explains the dominant bottleneck and the success metric |

Generative AI, RAG, and Model Lifecycle Boundaries

Core Priority: This topic separates model capability from the surrounding retrieval and lifecycle
controls that make a private AI solution reliable.

High Frequency: Expect document assistant, internal knowledge search, model endpoint, version

drift, and hallucination-style scenarios.

Confusion Alert: A healthy model endpoint does not prove a healthy RAG system. The answer

may sit in corpus preparation, embedding dimension, index freshness, access rights, or approved
model version.

Scenario Logic: If the output is fluent but wrong, inspect retrieval grounding. If the application

cannot call the model, inspect endpoint identity and network access. If production behavior

changed unexpectedly, inspect lifecycle artifact and deployment version.

Version Delta: Model families, NVIDIA software capabilities, and supported deployment workflows
evolve. Keep the explanation anchored in boundaries: model, embedding, index, endpoint, and

lifecycle evidence.

Failure Trigger: The common failure is solving answer quality with more compute instead of

validating retrieval and lifecycle state.



Operational Dependency: The dependency is traceability from source documents to embeddings,

from embeddings to index schema, from index results to prompt context, and from approved artifact

to endpoint.

How the Exam Asks It: A stem may say the endpoint is running, but answers are inaccurate, stale,

or inconsistent across releases.

How Distractors Are Designed: Distractors increase GPU capacity, change network hardware, or

loosen authentication while ignoring the retrieval or lifecycle boundary.

Why the Correct Answer Works: The correct answer chooses the boundary that owns the failure:
retrieval quality, endpoint contract, version control, or governance approval.

Separating model behavior, retrieval grounding, deployment lifecycle, and infrastructure evidence in customer

AI scenarios. A foundation model generates text, but a private document assistant also needs a corpus,

chunking strategy, embedding model, vector index, access policy, and endpoint lifecycle. These objects are

different control points; treating them as one "AI model" hides the actual fault domain.

The why-layer is that RAG and lifecycle controls create trust boundaries. Retrieval decides what evidence

reaches the model. Endpoint identity decides which application can call the model. Version and approval

records decide whether production is running the intended artifact. When those boundaries are not visible, the

platform may look healthy while the business result remains wrong or ungoverned.

For HPE Private Cloud AI with NVIDIA, this topic should be explained as a workflow boundary rather than a
generic generative AI feature. NVIDIA AI Enterprise and NVIDIA NIM-style inference services can support the

serving layer when they are part of the validated release. HPE GreenLake cloud and the private-cloud AI

platform provide the managed operating experience around deployment and lifecycle. HPE OpsRamp-style

observability belongs in the operational evidence layer, not in the answer-quality layer. The exam trap is

mixing these layers and fixing the wrong one.

| ------------------------ | ------------------------------- | --------------------------------------------------------------------- | -------------

---------------------------------------------- | ------------------------------------------------------ | -----------------------------------------

----------------------------------------------- |

| Foundation model | Parameter and context behavior | Model family, size, context window, precision | Chosen

by use case and constraints | GPU memory, serving runtime, data-governance boundary | Answers are slow,
costly, or unavailable when resource demand exceeds deployment profile |

| Embedding model | Vector representation | Dimension count, tokenizer behavior, language coverage | Not

useful until paired with compatible index schema | Vector database or index, corpus preprocessing | Retrieval

misses relevant documents or rejects vectors with wrong dimensions |

| Model endpoint | Serving contract | Endpoint URL, authentication, concurrency, model version | No
production contract until deployed and monitored | Runtime platform, network access, identity policy |

Applications receive timeouts, 401/403 responses, or version drift |

| Lifecycle artifact | Promotion state | Notebook, model, container, endpoint, evaluation record | Experimental



until governed | CI/CD process, registry, approval workflow | Unreproducible deployment or unapproved

model in a production path |

| NVIDIA NIM-style service | Inference microservice boundary | Model-specific service, endpoint contract,
supported release behavior | Available only when included and validated for the solution | NVIDIA AI

Enterprise, GPU runtime, platform networking | Application calls a service that is unsupported, unreachable,

or mismatched to the model |

1. Determine whether the symptom is generation quality, retrieval quality, endpoint reachability, or

version control. Each symptom belongs to a different object.

2. For fluent but incorrect answers, inspect retrieved document IDs, chunk content, source freshness,

and embedding/index compatibility before changing GPU allocation.

3. For failed application calls, inspect endpoint URL, authentication, project policy, and network path

before blaming model quality.

4. If the stem names NVIDIA AI Enterprise or NIM-style serving, verify that the service is part of the
supported HPE Private Cloud AI release boundary rather than assuming any NVIDIA component is

automatically available.

5. For inconsistent production behavior, compare the active endpoint version with the approved model

or container artifact.

6. Select the answer that protects the private AI trust chain: governed source data, compatible
embedding and index, reachable endpoint, and traceable deployment.

Command type: Vendor-supported UI/API evidence

Action: Inspect RAG evaluation output or application trace for retrieved document IDs and source timestamps.

Expected state: The model receives relevant and current context for the failed prompt.

Command type: Configuration inventory evidence
Action: Compare active endpoint version with the approved model, container, or deployment record in the

platform workflow.

Expected state: Production traffic reaches the intended governed artifact.

The user prompt does not travel directly from question to answer in a grounded assistant. It first triggers

retrieval, where chunking and embeddings decide which source material is available. The serving runtime
then combines prompt and context with the active model version. If the index is stale, the model can produce

fluent but unsupported text. If the endpoint version drifted, the same application can produce different

behavior after deployment. The exam answer must therefore identify the boundary that controls the observed

failure.

| -------------------------------------- | --------------------------------------------------------------------------------------------- | --------
------------------------------------------------------------------------- |

| Validate retrieval evidence | Application trace or RAG evaluation log: inspect retrieved document IDs for the

failed answer | The returned context contains relevant source material for the user question |



| Validate embedding/index compatibility | Supported index UI/API evidence: compare embedding dimension

with vector field dimension | Dimensions and index schema match the embedding model output |

| Validate lifecycle boundary | Model registry or deployment console: inspect active model version and
approval state | The endpoint uses the intended approved artifact rather than an experimental copy |

Practice Questions

1. A customer reports that a model training job runs for many hours, GPU utilization rises and falls in

waves, and storage read latency increases at the start of each epoch. What should the solution

discussion classify first?
A. A latency-sensitive inference serving issue that should be solved with more endpoint replicas.

B. A prompt-quality issue that should be solved by changing the system prompt.

C. A training workload with a data-ingestion dependency that must be profiled before GPU count is

finalized.

D. A pure switching issue that should be solved before workload behavior is reviewed.

2. A document assistant produces fluent answers, but the answers refer to outdated internal policies

even though the model endpoint is healthy. Which boundary should be inspected first?

A. GPU count assigned to the endpoint.

B. RAG retrieval freshness, including corpus update, embedding, and index behavior.

C. Rack power capacity for the compute nodes.
D. Prompt temperature and sampling settings only.

3. Which statement best distinguishes inference from training in an AI infrastructure sizing

conversation?

A. Inference focuses on request latency, concurrency, model footprint, and serving capacity.

B. Inference always requires larger storage throughput than training.
C. Training is only a CPU workflow and does not require GPU memory planning.

D. Training and inference should be sized from the same single utilization metric.

4. A customer says an internal chatbot is secure and responsive, but its grounded answers are

inconsistent across departments. Which first evidence best supports the HPE2-B08 analysis?

A. Whether the endpoint has the largest available accelerator.
B. Whether authentication is disabled for easier access.

C. Whether users can bypass the document source.

D. Whether retrieval permissions, source corpus scope, and index results match each department's

data boundary.

5. A presales engineer hears "we need AI" from a customer. Which next question best prevents a
product-first sizing mistake?

A. Which workload pattern are you planning: training, fine-tuning, inference, RAG, or

preprocessing?



B. Which rack color should be used in the data center?

C. Can the customer replace all validation steps with a larger GPU model?

D. Should authentication be delayed until after production?

6. Which symptom most strongly suggests an inference serving bottleneck rather than a training data-

path bottleneck?

A. Slow document embedding after a corpus refresh.

B. User requests queue up and response latency rises during peak application traffic.

C. Long epoch duration with GPU idle gaps between batches.
D. A vector index returns stale documents.

7. Why does HPE2-B08 treat "more GPUs" as a weak first answer in many AI scenarios?

A. GPUs are never used in private AI solutions.

B. HPE Private Cloud AI does not support accelerator telemetry.

C. Because the bottleneck may be retrieval, storage throughput, endpoint concurrency, lifecycle
versioning, or governance rather than accelerator count.

D. Because AI workloads should always run only in public cloud.

8. A production AI service changed behavior after an update, but infrastructure health checks are

green. Which evidence should be reviewed first?

A. Whether the production endpoint is using the approved model artifact or deployment version.
B. Whether the storage array has the largest possible capacity tier.

C. Whether the user interface color changed.

D. Whether all network authentication controls can be removed.

9. A customer says a generative AI endpoint is available, but the application sometimes returns

unsupported claims because the retrieval result is empty. Which concept should the candidate
apply?

A. Treat the issue as a GPU failure because every generative AI problem starts with accelerators.

B. Separate model availability from grounding evidence, then validate retrieval results before

changing compute.

C. Ignore the corpus because the endpoint status is healthy.
D. Disable document access controls so the model can answer faster.

10. Which AI workload is most directly associated with embedding documents and refreshing a vector

index for grounded answers?

A. Physical rack installation.

B. Endpoint authentication only.
C. GPU firmware inventory only.

D. Retrieval-augmented generation data preparation.



Assess customers' AI maturity, workloads, and use case

Customer AI Maturity and Use-Case Qualification

Exam Radar

Core Priority: This is the clearest presales domain in the file. The candidate must decide whether

the customer is ready for solution positioning, pilot scoping, production hardening, or a discovery

workshop.

High Frequency: Expect broad customer ambition, unclear ownership, missing datasets, uncertain

success metrics, or teams asking for private AI without an operating model.

Confusion Alert: The largest configuration is not the safest first answer when maturity evidence is

missing. HPE solution positioning begins with readiness, workload, data, and ownership.

Scenario Logic: Classify the customer's stage: exploring, pilot, early production, or scale-out. Then

map that stage to the next useful action: discovery, use-case qualification, workload profiling,

governance planning, or validated configuration.

Version Delta: Product names and configuration tools may change, but maturity qualification

remains stable because it is based on customer evidence.

Failure Trigger: The wrong path starts when a candidate treats a vague AI ambition as a complete

solution requirement.

Operational Dependency: The dependency is a qualified use case with data readiness,
measurable outcome, responsible teams, and a plausible operational path.

How the Exam Asks It: The stem may describe a customer with interest in AI but missing data

governance, platform ownership, or workload detail.

How Distractors Are Designed: Distractors jump to GPU sizing, OCA/BOM creation, or generic AI

strategy before qualifying the use case.

Why the Correct Answer Works: The correct answer moves the customer to the next maturity-

appropriate step and creates the evidence needed for later HPE Private Cloud AI positioning.

Atomic Deconstruction - Operational Level

Mapping customer maturity stage, data readiness, and operational ownership to the correct HPE AI solution

conversation. This knowledge point is not about judging whether a customer "likes AI"; it is about deciding

what evidence is strong enough to support HPE Private Cloud AI positioning. A mature customer can discuss

workload patterns, data location, security boundaries, operations ownership, and success metrics. An early

customer may only have a business idea and needs qualification first.

The why-layer is that maturity controls sales and architecture sequence. Without a qualified use case,

configuration sizing becomes guesswork. Without data readiness, a RAG or training solution cannot be

validated. Without ownership, production incidents and model lifecycle changes have no accountable team.



The correct exam answer usually protects this sequence: qualify maturity, define use case, prove data path,

then position the solution.

A strong HPE2-B08 answer uses a presales workflow: discover the customer's AI maturity, classify the use
case, confirm data readiness, identify workload pressure, map the need to HPE Private Cloud AI with NVIDIA,

then move to HPE Intelligent Configurator or One Config Advanced only when assumptions are complete.

This makes HPE solution positioning evidence-based instead of product-first.

Component Specifications

| Object | Attribute | Value Range | Default State | Dependency | Failure State |

| ---------------- | --------------------------------- | --------------------------------------------------------------------- | -------------------

------------------------ | ------------------------------------------------------------ | ---------------------------------------------------------

------------------- |
| Maturity stage | Operational readiness | Exploring, early user, scaling, production AI | Unknown before

discovery | Data governance, platform operations, executive sponsor | Oversized or underspecified solution

that does not match adoption capability |

| Use-case profile | Business and technical outcome | Document chat, code generation, cybersecurity,

recommender, analytics | Unvalidated until success metric is defined | Data sources, model family, latency
target, compliance scope | Architecture optimizes the wrong metric or ignores the real constraint |

| Data readiness | Availability and governance state | Clean, labeled, governed, sensitive, fragmented |

Assumed incomplete until assessed | Access controls, retention policy, source-system ownership | AI pilot

stalls because data cannot be used or trusted |

| Operating model | Ownership boundary | IT, data science, security, application team, partner | Ambiguous
until roles are assigned | Runbook, change control, escalation path | No one owns model updates, platform

health, or incident triage |

Step-by-Step Execution Path

1. Read the customer's stated goal and identify whether it is an idea, pilot, production workload, or
scale-out request.

2. Check for the four maturity anchors: governed data, measurable success metric, workload owner,

and operational support owner.

3. If anchors are missing, choose discovery or use-case qualification rather than configuration sizing.

4. If anchors exist, translate the use case into workload class, data path, security boundary, and
platform operations requirement.

5. Match the requirement to HPE Private Cloud AI with NVIDIA capabilities: private cloud experience

through HPE GreenLake cloud, NVIDIA AI Enterprise runtime, HPE ProLiant GPU compute,

storage/network data path, and observability through platform tools such as HPE OpsRamp where

available.



6. Position HPE Private Cloud AI as the private AI platform answer only after the customer evidence

supports infrastructure, software, and governance requirements.

Conservative verification examples:
Command type: Design review evidence

Action: Record maturity stage, use case, data source, success metric, owner, and security boundary in the

discovery worksheet.

Expected state: The recommended next step follows from missing or confirmed readiness anchors.

Command type: Configuration inventory evidence
Action: Compare qualified workload requirements with candidate HPE Private Cloud AI solution assumptions

before BOM work starts.

Expected state: The proposed solution is tied to a real workload and not only to general AI interest.

Technical Chain

Customer maturity becomes a solution-positioning chain. A business goal creates an AI candidate use case,

but the use case is not actionable until data, success metric, and ownership are visible. Those readiness

signals determine whether the architect should run discovery, build a pilot, design production controls, or

validate a configuration. If a candidate skips maturity qualification, the answer may name HPE Private Cloud
AI correctly but place it at the wrong point in the customer journey.

Operational Skills Matrix

| Task | Precise Command or Path | Verification Standard |

| -------------------------------- | ----------------------------------------------------------------------------------------------------- | ------
----------------------------------------------------------------- |

| Validate maturity classification | Discovery worksheet evidence: record current AI stage, owner, use case,

data state, and target metric | The maturity stage explains the recommended next action |

| Validate use-case fit | Customer scenario map: connect workload objective to AI pattern and required data

path | The selected pattern has measurable input, output, and success criteria |
| Validate ownership readiness | Design review evidence: identify platform, data, security, and application

owners | Every production responsibility has a named team or escalation path |

Workload Requirement Translation into Solution Constraints

Core Priority: This topic converts customer language into architecture constraints: latency, data

locality, security, lifecycle, and growth.

High Frequency: Expect stems with regulated data, private deployment requirements, department

expansion, endpoint latency, or controlled model promotion.

Confusion Alert: "Private AI" is not only a location statement. It also implies data-control

boundaries, identity, governance, operations, and lifecycle evidence.



Scenario Logic: Translate every customer phrase into a constraint. "Must remain controlled"

becomes data locality and access boundary. "Interactive users" becomes latency and concurrency.

"Production use" becomes lifecycle and observability.

Version Delta: Exact product options should be validated in HPE tools, but the translation from

requirement to constraint is independent of catalog changes.

Failure Trigger: A wrong answer focuses on a popular model or generic cloud pattern instead of

the stated constraint.

Operational Dependency: The dependency is traceability from requirement to platform design
object: data path, endpoint, role boundary, lifecycle state, or sizing assumption.

How the Exam Asks It: The stem gives a business or compliance requirement and asks what it

means for the solution.

How Distractors Are Designed: Distractors choose isolated technical actions without preserving

the customer's constraint.

Why the Correct Answer Works: The correct answer turns the requirement into a design condition

that HPE Private Cloud AI can be positioned against.

Converting business AI goals into sizing, security, data-locality, and lifecycle requirements for HPE Private

Cloud AI. The customer may not use architecture language, so the candidate must translate phrases into

controls. "Internal documents must stay controlled" becomes data locality, access boundary, and audit
evidence. "Users need fast responses" becomes endpoint latency, model footprint, and concurrency.

"Production model changes must be approved" becomes lifecycle governance.

The why-layer is that HPE Private Cloud AI is positioned through constraints, not enthusiasm. A solution that

satisfies the wrong constraint can still fail the customer. For example, a larger GPU pool does not solve a data

residency requirement, and a public endpoint pattern does not satisfy controlled infrastructure. The exam
rewards the answer that preserves the customer's explicit boundary.

| ------------------------- | ---------------------------- | ------------------------------------------------ | ------------------------------------

- | ------------------------------------------------ | ------------------------------------------------------------------- |

| Latency target | Response-time objective | Interactive, batch, near-real-time | Undefined until user journey is

known | Model size, endpoint scaling, network path | Correct model cannot satisfy user experience
expectations |

| Data locality requirement | Placement constraint | On-premises, regulated, edge-adjacent, hybrid | Not

assumed from industry alone | Compliance rules, storage design, access pattern | Solution violates

governance or cannot access data efficiently |

| Security boundary | Access and isolation model | Tenant, project, role, identity, network segment | Open until
policy is designed | IAM, audit logging, secret management | Unauthorized model or data access, failed audit,

blocked deployment |

| Lifecycle requirement | Promotion and update process | Experiment, validation, staging, production | Manual



unless tooling is selected | ML platform, registry, approval path | Model drift or untracked releases in

production |

1. Extract requirement words: controlled, private, regulated, low latency, many users, production,
audit, or growth.

2. Translate each word into a technical constraint such as data locality, identity boundary, endpoint

capacity, lifecycle approval, observability, or expansion path.

3. Identify the object that enforces the constraint: storage location, RAG corpus, endpoint, project role,

model registry, or configuration size.

4. Reject options that solve a different constraint, even if they mention a valid AI technology.

5. Choose the answer that keeps requirement, solution object, and verification evidence connected.

Action: Trace sensitive data from source repository to embeddings, model prompt context, logs, and retention

location.

Expected state: Every sensitive artifact remains inside the approved customer control boundary.

Command type: Logs/metrics/health status evidence

Action: Compare endpoint latency and queue behavior against the interactive or batch use-case target.

Expected state: The measured behavior matches the requirement class stated by the customer.

A customer requirement becomes testable only after it is translated into a platform constraint. Data locality

controls where documents, embeddings, prompts, and logs may reside. Latency controls serving capacity and
model placement. Governance controls who can promote an artifact and how that change is audited. The

technical chain fails when the answer solves a nearby problem but does not preserve the original constraint.

| --------------------------------- | ------------------------------------------------------------------------------------------------------- | ---

---------------------------------------------------------------- |

| Validate data locality constraint | Architecture review evidence: trace where source documents, embeddings,
model endpoint, and logs reside | All sensitive artifacts remain inside the approved control boundary |

| Validate latency class | Pilot telemetry: observe response latency and queue time under representative

prompts | The measured service behavior matches the use-case class |

| Validate lifecycle control | ML platform or governance console: inspect model version, approval, and

deployment state | Production endpoint points to a reviewed and traceable artifact |

Practice Questions

1. A customer wants HPE Private Cloud AI but cannot name the data source, owner, security

boundary, or business decision the model will support. What should the partner do first?

A. Select the largest configuration size to avoid a follow-up meeting.

B. Begin with AI maturity and use-case qualification before recommending a configuration.
C. Skip governance questions until after production deployment.

D. Recommend a model endpoint without reviewing data readiness.



2. A customer has a well-defined fraud detection use case, sensitive transaction data, strict residency

requirements, and an operations team that needs lifecycle control. Which positioning is most

appropriate?
A. Treat the request as generic public web search.

B. Recommend removing security controls to accelerate experimentation.

C. Position HPE Private Cloud AI as a private, governed AI platform aligned to data control and

operational management.

D. Focus only on prompt wording and avoid infrastructure discussion.

3. During qualification, a customer says their AI pilot fails because "the model is bad." Logs show the

model was never given relevant internal documents. What is the best interpretation?

A. The model should be replaced before reviewing the data path.

B. The issue may be data readiness or RAG grounding, not model capability alone.

C. The customer should add more racks before checking retrieval.
D. The problem is only a network switch sizing issue.

4. Which customer statement most clearly indicates a need to translate workload requirements into

measurable solution constraints?

A. "We want a modern AI brand name."

B. "Our users need answers in under a business-approved latency target, and the document corpus
updates daily."

C. "We do not need to know who owns the data."

D. "We will choose hardware first and define the use case later."

5. A customer is ready to move from AI experimentation to production. Which additional area becomes

most important for HPE Private Cloud AI positioning?
A. Removing all approval steps so data scientists can change production freely.

B. Selecting only the cheapest component without reviewing workload risk.

C. Ignoring telemetry because the proof of concept was successful.

D. Lifecycle control, operations ownership, monitoring, access policy, and supportable configuration

evidence.

6. Which discovery question best connects a business use case to infrastructure design?

A. "Which application or decision will consume the AI output, and what accuracy, latency, data, and

security constraints must be met?"

B. "Can we assume every workload needs the same number of GPUs?"

C. "Can audit and identity be skipped until after the first incident?"
D. "Should every model be treated as a batch training job?"

7. A customer has large unstructured documents, no tagging process, unclear access rules, and

wants reliable RAG answers. What is the biggest readiness gap?

A. The lack of a larger monitor in the operations room.
B. The lack of disabled authentication for all users.



C. The lack of an immediate model replacement plan before data is reviewed.

D. The lack of a data preparation and governance process for corpus selection, chunking, indexing,

and access control.

8. Why should a partner avoid recommending a configuration size before collecting workload and

maturity evidence?

A. HPE Private Cloud AI configurations are unrelated to workload behavior.

B. The exam always requires the smallest option regardless of customer context.

C. Workload class, data readiness, compliance boundary, user concurrency, and operations
maturity determine whether a configuration is supportable and fit for purpose.

D. Configuration sizing is only a marketing choice.

9. A customer has a promising AI pilot, but no one owns model approval, dataset refresh, or incident

response. Which maturity issue is most important?

A. The customer needs a different presentation template.
B. The customer has an operations and governance readiness gap that must be resolved before

production.

C. The customer should avoid defining roles until after scale-out.

D. The customer should treat the pilot as fully production-ready because it ran once.

10. A customer wants to use private AI because regulated engineering documents cannot leave its
controlled environment. Which qualification point should be emphasized?

A. Whether the use case can be tied to data residency, access control, audit, and private

operational requirements.

B. Whether the customer can publish all documents publicly.

C. Whether the project can ignore source data ownership.
D. Whether every user can share one administrative identity.

Describe the infrastructure components of HPE Private Cloud AI with
NVIDIA

Compute, GPU, and Interconnect Architecture

Exam Radar

Core Priority: The candidate must explain what GPU-enabled HPE compute contributes to AI
execution and why accelerator topology matters.

High Frequency: Expect multi-GPU training, GPU memory, server role, health inventory, firmware,

thermal, and interconnect language.

Confusion Alert: GPU count alone is not a complete architecture answer. Server platform, GPU

memory, driver visibility, topology, power, cooling, and management evidence all affect workload



readiness.

Scenario Logic: If the workload must fit a model or batch in memory, inspect GPU capacity. If it

must scale across GPUs, inspect topology and interconnect behavior. If jobs fail unpredictably,
inspect hardware health and runtime visibility.

Version Delta: Do not invent exact server/GPU combinations; verify them against current HPE

support and configuration tooling.

Failure Trigger: The failure appears when a candidate explains AI infrastructure as only "servers

with GPUs" and misses the dependencies that make GPUs usable.

Operational Dependency: The dependency is inventory and health evidence that proves GPUs

are present, supported, visible, and topologically suitable for the workload.

How the Exam Asks It: The stem may ask which infrastructure component or characteristic

explains training scale, model fit, or accelerator availability.

How Distractors Are Designed: Distractors mention unrelated facility details or generic
storage/network choices when the key issue is accelerator architecture.

Why the Correct Answer Works: The correct answer identifies the compute/GPU/topology object

that controls AI execution.

Atomic Deconstruction - Operational Level

Explaining how HPE compute nodes, NVIDIA GPUs, accelerator interconnects, and management evidence

support AI workload execution. A GPU server is not just capacity; it is a coordinated stack of server platform,

accelerator model, memory, topology, driver visibility, thermal envelope, power profile, and management

health. For HPE2-B08, the learner should explain which part of that stack owns the scenario.

The why-layer is that AI jobs fail at concrete boundaries. A model may not fit in GPU memory. Multi-GPU

training may scale poorly if topology is not appropriate. A visible GPU may still be unusable if the runtime

stack or driver is misaligned. Hardware health can appear as workload instability unless management

evidence is checked before tuning the application.

For HPE/NVIDIA exam wording, anchor the infrastructure discussion in the validated solution stack: HPE
ProLiant GPU compute supplies the server platform, NVIDIA GPUs supply accelerator execution, NVIDIA

Spectrum-X Ethernet may appear as the AI networking layer in solution material, HPE GreenLake for File

Storage may appear as the high-performance data layer, and HPE management or HPE OpsRamp evidence

supports health and operations. The answer should still avoid unsupported exact bundles unless the

configurator or current documentation validates them.

Component Specifications

| Object | Attribute | Value Range | Default State | Dependency | Failure State |

| -------------------------- | ------------------------ | -----------------------------------------------------------------------------------------

--- | --------------------------------------------- | ----------------------------------------------------------------- | -------------------------



------------------------------------------------------------------- |

| HPE compute node | Server role | Control, compute, GPU-accelerated workload hosting | Configured per

solution size | Power, cooling, management network, operating platform | Workloads cannot be scheduled or
cannot reach accelerators |

| NVIDIA GPU | Accelerator capacity | GPU count, memory, tensor capability, MIG support where applicable |

Unavailable until assigned to a runtime | Driver stack, container runtime, workload scheduler |

Training/inference fails, runs on CPU, or exceeds memory |

| GPU interconnect | Peer communication path | PCIe, NVLink where supported by platform | Platform-specific
capability | Server model, GPU model, topology | Multi-GPU training scales poorly or cannot exchange

tensors efficiently |

| Management controller | Hardware health evidence | Firmware, thermal, power, device inventory | Healthy

baseline required | HPE management tooling and support process | Silent hardware fault becomes a workload

symptom |
| NVIDIA Spectrum-X Ethernet | AI fabric role | High-performance Ethernet networking for AI traffic where

included in the validated solution | Not assumed until solution design confirms it | Switches, adapters, cabling,

congestion control, validated design | Training, inference, or storage traffic experiences drops, congestion, or

unexpected latency |

Step-by-Step Execution Path

1. Identify whether the scenario is about model fit, multi-GPU scaling, accelerator visibility, or

hardware health.

2. For model-fit language, inspect GPU memory and batch/model footprint assumptions before
network or storage tuning.

3. For scale-out language inside a server, inspect supported GPU topology and interconnect behavior

before assuming linear performance.

4. For network-sensitive AI traffic, check whether the design expects NVIDIA Spectrum-X Ethernet or

another validated network fabric and whether the current configuration actually includes that layer.

5. For instability, inspect HPE management health, firmware, thermal, and power indicators before

blaming the AI framework.

6. Choose the answer that ties the workload symptom to the infrastructure object that can actually

change the behavior.

Conservative verification examples:
Command type: Supported management interface evidence

Action: Inspect HPE platform inventory and health for expected GPU model, count, firmware, power, and

thermal state.

Expected state: The hardware layer shows no critical condition that explains workload failure.

Command type: Configuration inventory evidence
Action: Compare required GPU memory and topology assumptions with the supported HPE/NVIDIA solution



configuration.

Expected state: The chosen configuration can host the target workload without unsupported topology

assumptions.

Technical Chain

The execution path starts when the scheduler or runtime assigns an AI workload to GPU-enabled compute.

The server exposes accelerators through the supported hardware and driver stack; the framework consumes
GPU memory and may communicate across GPUs during training. If memory is insufficient, the job fails or

reduces batch size. If topology is unsuitable, multi-GPU efficiency drops. If hardware health is degraded, the

symptom can look like a software fault. The exam answer must therefore locate the relevant infrastructure

boundary.

Operational Skills Matrix

| Task | Precise Command or Path | Verification Standard |

| -------------------------------- | ---------------------------------------------------------------------------------------------------- | -------

----------------------------------------------------------- |

| Validate GPU inventory | Supported management interface or OS inventory: list GPU model, count, health,
and driver visibility | All expected GPUs are present, healthy, and visible to the runtime |

| Validate interconnect capability | Vendor-supported topology evidence: inspect server/GPU topology and

platform documentation | Topology matches the workload scaling assumption |

| Validate hardware health | HPE management console: inspect power, thermal, firmware, and component

status | No critical hardware alerts explain workload instability |

Storage and Network Data Path for AI Pipelines

Core Priority: This topic explains why AI performance depends on feeding the accelerator, not only

owning the accelerator.

High Frequency: Expect dataset movement, throughput, storage latency, network congestion,

GPU starvation, and correlated telemetry.

Confusion Alert: High GPU investment does not help if the job waits on data reads,

preprocessing, or fabric congestion.

Scenario Logic: When GPUs idle while storage or CPU is busy, look upstream. When services

cannot reach data or endpoints, inspect network path and segmentation. When symptoms

disagree, correlate timestamps.

Version Delta: Storage and network implementations may differ by solution size, so use current

design and telemetry evidence instead of fixed assumptions.

Failure Trigger: The wrong answer tunes model or GPU capacity while the data path remains the

first bottleneck.



Operational Dependency: The dependency is an end-to-end path from dataset repository through

storage/network fabric into the job or endpoint.

How the Exam Asks It: The stem may describe idle accelerators, slow epochs, throughput spikes,
drops, or failed service reachability.

How Distractors Are Designed: Distractors isolate one downstream symptom and ignore the

earlier data movement sequence.

Why the Correct Answer Works: The correct answer follows the data path and identifies where

the pipeline first stops feeding the workload.

Tracing dataset movement, storage throughput, network fabric behavior, and GPU utilization in HPE Private

Cloud AI infrastructure. AI pipelines are sensitive to the path between data and compute. Training needs a

steady supply of batches. Preprocessing may consume CPU and storage before GPUs are active. RAG

needs document ingestion and index refresh. Inference may depend on endpoint reachability and network

segmentation.

The why-layer is that downstream metrics can mislead. GPU idle time might be the effect, not the cause. If

storage read latency rises before GPU utilization drops, the storage path deserves attention first. If packet

drops align with service timeouts, the network fabric is part of the incident. The best exam answer chooses

the earliest failing dependency in the data path.

In HPE Private Cloud AI with NVIDIA, the data-path conversation can include HPE GreenLake for File
Storage for high-performance file access, HPE ProLiant GPU compute as the consumer of training batches,

and NVIDIA Spectrum-X Ethernet as a validated AI networking option where included. HPE OpsRamp or

platform telemetry is useful because it can make storage, network, compute, and application symptoms visible

in the same operational story.

| ------------------------------ | ---------------------------------- | ---------------------------------------------------------------- | ---------
-------------------------------------- | -------------------------------------------------------------- | -----------------------------------------

--------------------- |

| Dataset repository | Training data placement | Object, file, or block-backed source | External to job until

mounted or copied | Access control, metadata, throughput path | Job waits on data or trains on stale input |

| High-performance storage path | Throughput and latency behavior | Sequential reads, random reads,
metadata operations | Capacity exists before performance is validated | Network fabric, storage controller,

client mount | GPU starvation or preprocessing backlog |

| Network fabric | East-west and storage traffic role | Bandwidth, latency, congestion, segmentation | Designed

per solution size | Switching, adapters, VLAN/IP plan, cabling | Packet loss, queueing, or failed service

reachability |
| Telemetry source | Bottleneck evidence | GPU, CPU, storage, network, application logs | Fragmented until

correlated | Monitoring stack and time synchronization | Wrong component is blamed because signals are not

aligned |



| HPE GreenLake for File Storage | AI data service role | High-performance file access and dataset capacity

where selected | Not validated until workload path is tested | Storage design, network fabric, client access,

data governance | GPUs wait for training data or RAG corpus refresh falls behind |

1. Build a timeline of the symptom: job start, data read, preprocessing, GPU execution, network

transfer, endpoint response.

2. Inspect whether the first abnormal signal appears in storage latency, CPU preprocessing, network

counters, or GPU utilization.

3. Correlate timestamps instead of reading one metric in isolation. A GPU chart without storage and
network context can hide the root cause.

4. Identify the controlling path: dataset repository, HPE GreenLake for File Storage or another

selected storage layer, storage client, network fabric, runtime mount, or service route.

5. If NVIDIA Spectrum-X Ethernet appears in the scenario, treat it as the AI fabric evidence path and

inspect congestion, drops, and design inclusion rather than using it as a generic networking
buzzword.

6. Select the answer that repairs or validates the earliest failed path before changing model or GPU

settings.

Command type: Logs/metrics/health status evidence

Action: Align GPU utilization, storage latency, network drop counters, and job phase logs for the same time
window.

Expected state: The first abnormal signal explains the later workload symptom.

Action: Inspect storage and network health views for errors, congestion, or throughput saturation during the

workload.

Expected state: Fabric and storage signals either confirm or exclude the data path as the bottleneck.

The data path feeds the AI execution path. A job requests data from a repository, the storage layer serves

blocks or objects, the network fabric carries the traffic, preprocessing prepares batches, and the GPU

executes work only after input arrives. If the storage or network stage slows down, the accelerator waits. That

wait can be mistaken for a GPU problem unless the learner traces the sequence from data source to workload

runtime.

| ------------------------------- | ---------------------------------------------------------------------------------------------- | --------------

---------------------------------------------------------------- |

| Validate storage pressure | Storage console or metrics API: inspect read/write latency and throughput during

job execution | Latency and throughput show whether storage is feeding the workload adequately |

| Validate network behavior | Supported network telemetry: inspect interface errors, drops, and congestion
counters | Fabric counters do not show loss or queueing that aligns with job stalls |

| Validate end-to-end correlation | Observability dashboard: align GPU, CPU, storage, and network

timestamps | The first bottleneck in the sequence is visible before downstream symptoms |



Practice Questions

1. In an HPE Private Cloud AI with NVIDIA discussion, which component area most directly supports

accelerator execution for AI workloads?
A. A public search engine used as the production knowledge base.

B. A generic office printer connected to the same network.

C. A spreadsheet used as the only observability platform.

D. HPE ProLiant GPU compute with supported NVIDIA accelerators and validated platform

integration.

2. A training workload shows GPU idle gaps while data is being read from storage. Which

infrastructure path should be reviewed with GPU telemetry?

A. The color of the rack bezels.

B. The storage and network data path that feeds batches to the GPUs.

C. The wording of the chatbot greeting only.
D. The user's browser bookmark list.

3. What is the best reason to include HPE GreenLake for File Storage or an equivalent governed

storage layer in an AI pipeline conversation?

A. It replaces the need for any model endpoint.

B. It guarantees all prompts are accurate without retrieval validation.
C. It provides a data source and performance/governance foundation that can feed training,

preprocessing, or RAG workflows.

D. It removes the need to check access permissions.

4. A solution architect is validating whether the infrastructure can support distributed training. Which

evidence is most relevant?
A. The number of unrelated office applications installed on an administrator laptop.

B. Whether user prompts contain enough adjectives.

C. Whether all logs are deleted before testing.

D. GPU memory, GPU utilization, interconnect behavior, storage throughput, and supported

configuration compatibility.

5. Why is network design part of HPE Private Cloud AI infrastructure analysis?

A. Network design is only decorative in AI systems.

B. Network design proves the model is semantically correct.

C. Network review always replaces the need for storage validation.

D. AI workloads may move large datasets, embeddings, model artifacts, and inference traffic
between compute, storage, and services.

6. Which scenario most clearly points to storage throughput as a candidate bottleneck?

A. Users dislike the wording of the answer.

B. Endpoint authentication fails before the request reaches the model.



C. GPU utilization drops whenever the training job starts loading the next data batch.

D. A project manager asks for a shorter meeting.

7. What should a candidate verify before treating an HPE/NVIDIA infrastructure component as valid
for the proposed HPE Private Cloud AI solution?

A. Whether the component appears in a generic internet article.

B. Whether it is supported by the relevant HPE/NVIDIA validated configuration, release, or

configuration workflow.

C. Whether it is the most expensive option on the list.
D. Whether it can bypass all management tooling.

8. A customer asks why observability is useful in infrastructure sizing. Which answer is best?

A. Observability replaces the need to classify workloads.

B. Observability provides logs, metrics, and health evidence that connect symptoms to GPU,

storage, network, service, or lifecycle dependencies.
C. Observability is only useful after the system is decommissioned.

D. Observability guarantees every generated answer is factually correct.

9. Which infrastructure evidence best supports the claim that GPUs are being fed efficiently during a

training workload?

A. A user survey about chatbot tone.
B. A static list of office software on an administrator workstation.

C. Correlated GPU utilization, job phase timing, storage throughput, and network path metrics.

D. A decision to skip telemetry because the design uses accelerators.

10. A customer asks why HPE Private Cloud AI infrastructure should be treated as an integrated

system instead of independent parts. What is the best answer?
A. Because only the storage layer matters in AI.

B. Because software and lifecycle controls never affect infrastructure choices.

C. Because validated configuration evidence is unnecessary once a GPU model is chosen.

D. Because compute, GPU, network, storage, management, and validated compatibility must work

together to support the workload.

Describe the software components of HPE Private Cloud AI with
NVIDIA

NVIDIA AI Enterprise and HPE Software Stack Roles

Exam Radar

Core Priority: HPE2-B08 expects candidates to explain why the solution is more than GPU

hardware: software makes AI workloads supportable, repeatable, and operational.



High Frequency: Expect questions about NVIDIA AI Enterprise, runtime enablement, model

development, deployment, lifecycle, and HPE management layers.

Confusion Alert: Hardware readiness is not software readiness. GPUs can be present while
containers, drivers, frameworks, project workflows, or lifecycle controls are incomplete.

Scenario Logic: If the question asks what software adds, answer in terms of supported runtime,

orchestration, model workflow, deployment, health, and support evidence.

Version Delta: NVIDIA and HPE software packaging changes over time, so avoid exact

unsupported feature claims unless validated for the current release.

Failure Trigger: The wrong answer says GPU servers alone provide a complete AI platform.

Operational Dependency: The dependency is a compatible software stack that exposes GPUs to

workloads and gives operators lifecycle and support evidence.

How the Exam Asks It: A stem may ask why HPE Private Cloud AI includes an integrated software

stack or what role NVIDIA AI Enterprise plays.

How Distractors Are Designed: Distractors claim the software guarantees model accuracy,

removes governance, or replaces unrelated enterprise applications.

Why the Correct Answer Works: The correct answer assigns the software stack to runtime,

development, deployment, lifecycle, and management responsibilities.

Atomic Deconstruction - Operational Level

Distinguishing AI runtime, platform orchestration, model development, and infrastructure management

responsibilities. NVIDIA AI Enterprise and the HPE software stack sit between raw accelerators and usable AI

workflows. They help expose supported drivers, runtimes, containers, frameworks, model-serving
components, workflow records, and operational health evidence.

The why-layer is that accelerators need a supported execution environment. A data scientist cannot reliably

train or serve a model if the runtime cannot see GPUs. An operator cannot support the environment if

versions, health, and lifecycle state are invisible. A customer cannot move from pilot to production if artifacts,

jobs, and deployments are not traceable. The software stack turns hardware capacity into a managed AI
platform.

In HPE Private Cloud AI with NVIDIA, software-stack language should include the HPE GreenLake cloud

operating experience, NVIDIA AI Enterprise runtime components, NVIDIA NIM-style inference services where

supported, and HPE platform lifecycle and management workflows. HPE OpsRamp belongs in the

observability and AIOps conversation, while HPE Intelligent Configurator and OCA belong in the
predeployment configuration conversation. Keeping these tools in their own workflow lanes prevents answer

choices from sounding correct but solving the wrong layer.

Component Specifications

| Object | Attribute | Value Range | Default State | Dependency | Failure State |



| ------------------------------ | ------------------------------------------- | ------------------------------------------------------------------

--------- | --------------------------------------------------------- | ----------------------------------------------------------------------- | -

---------------------------------------------------------------------------------- |
| NVIDIA AI Enterprise stack | AI software runtime layer | Drivers, CUDA, containers, frameworks, NIM where

applicable | Requires compatible platform integration | GPU hardware, supported OS/Kubernetes layer,

licensing | Frameworks cannot access accelerators or supported enterprise components |

| HPE platform layer | Integrated private-cloud operating boundary | Deployment, lifecycle, management,

support experience | Installed and validated per solution | Infrastructure inventory, networking, storage,
identity | Operations team cannot maintain a consistent AI environment |

| Model development environment | Experiment and training workflow | Projects, notebooks, jobs, artifacts,

metrics | Experimental until governed | Data access, GPU quota, user identity | Data scientists cannot

reproduce or promote models |

| Management and support tooling | Operational evidence plane | Health, inventory, lifecycle, case evidence |
Baseline monitoring required | Telemetry, version control, support entitlement | Troubleshooting lacks proof of

component state |

| HPE GreenLake cloud experience | Self-service operating model | Private cloud access, lifecycle

experience, user-facing service consumption | Not complete until identity and operations are integrated | HPE

platform layer, governance policy, service catalog, support process | Users bypass controlled workflows or
operators cannot manage lifecycle consistently |

Step-by-Step Execution Path

1. Identify whether the scenario is about runtime access, development workflow, deployment lifecycle,
or operations support.

2. For runtime access, inspect GPU visibility through the supported software layer before changing

hardware assumptions.

3. For model workflow, inspect projects, jobs, artifacts, metrics, and deployment records rather than

only server inventory.

4. If the scenario mentions HPE GreenLake cloud, interpret it as the private-cloud operating

experience and lifecycle access path, not as a substitute for workload qualification.

5. For supportability, inspect component versions, health state, and lifecycle status in the HPE-

supported management plane.

6. Choose the answer that explains the role of software as the operational layer around HPE and
NVIDIA infrastructure.

Conservative verification examples:

Command type: Configuration inventory evidence

Action: Review installed NVIDIA AI Enterprise and HPE platform component versions against the supported

solution baseline.
Expected state: Runtime and platform components align with the supported HPE Private Cloud AI release.



Command type: Vendor-supported UI/API evidence

Action: Inspect project, job, artifact, endpoint, and health records in the AI platform workflow.

Expected state: The workflow is traceable from development to deployment and operations.

Technical Chain

The software chain begins after hardware is present. Drivers and runtime components expose GPUs to

containers and frameworks. Platform services then provide projects, jobs, artifacts, endpoints, health, and
lifecycle records. Management tooling gives operators inventory and support evidence. If any layer is missing,

the platform may have expensive accelerators but no reliable way to develop, deploy, or support AI workloads.

Operational Skills Matrix

| Task | Precise Command or Path | Verification Standard |

| ----------------------------- | ---------------------------------------------------------------------------------------------------- | ----------

------------------------------------------------------------------- |

| Validate runtime visibility | Supported platform console: inspect GPU-enabled runtime, container image, and

framework availability | Runtime components are present and matched to the supported platform version |

| Validate model workflow state | ML environment UI/API: inspect project, job, artifact, and metric records | A
training or inference workflow is traceable from source to result |

| Validate lifecycle evidence | Management console: inspect installed component versions and health state |

Software versions and health indicators match the supported solution baseline |

Identity, Governance, and Observability in AI Operations

Core Priority: Private AI must be controlled. This topic tests whether the learner can connect user
roles, project boundaries, audit records, and telemetry to safe operations.

High Frequency: Expect multi-team access, regulated data, auditability, failed workflows, and

project isolation scenarios.

Confusion Alert: Security is not solved by hiding the platform on-premises. Users, service

accounts, datasets, projects, endpoints, logs, and approvals still need explicit boundaries.

Scenario Logic: If the stem mentions multiple teams, inspect project isolation and roles. If it

mentions proof, inspect audit records. If it mentions incident triage, inspect telemetry coverage.

Version Delta: Names of roles or UI paths can change, but the governance objects remain stable:

identity, project, policy, audit, and metrics.

Failure Trigger: The wrong answer opens access broadly or focuses on model size while the
scenario is about control and evidence.

Operational Dependency: The dependency is a controlled project boundary with identity mapping,

quota, data access, logs, and monitoring.



How the Exam Asks It: The question may ask what must be designed before onboarding teams or

how to prove who changed a model.

How Distractors Are Designed: Distractors improve performance or convenience while
weakening isolation or traceability.

Why the Correct Answer Works: The correct answer selects the governance object that enforces

access, proves action, or supports diagnosis.

Connecting user access, project boundaries, audit evidence, and telemetry to controlled AI platform

operations. A private AI platform is shared infrastructure, so the operational question is who can access which
datasets, which GPUs, which projects, and which deployment actions. Identity and governance decide

whether teams can work independently without exposing restricted data or changing production artifacts

without review.

The why-layer is that AI operations create sensitive events. Users access data, jobs consume GPUs,

endpoints serve applications, models are promoted, and logs may contain operational or business context. If
those actions are not mapped to identities and retained as audit evidence, the platform cannot satisfy

regulated or multi-team use. Observability then closes the loop by showing whether the governed workflow is

healthy.

For HPE/NVIDIA scenarios, distinguish governance evidence from observability evidence. Identity and project

policy decide who may use data, GPUs, endpoints, and deployment actions. HPE OpsRamp or platform
observability can help correlate infrastructure, endpoint, and job health, but it does not replace access control.

HPE GreenLake cloud may provide the operating experience, but role mapping, audit retention, and project

boundaries still decide whether the private AI environment is controlled.

| ------------------------------------- | ------------------------------- | -----------------------------------------------------------------------

- | -------------------------------------------------- | -------------------------------------------------------------------- | -------------------
------------------------------------------------------------- |

| User identity | Access principal | Admin, data scientist, operator, application service account | No access until

assigned | Directory integration, role mapping, project policy | Unauthorized access or blocked workflow

execution |

| Project boundary | Resource and data isolation | Namespace, workspace, quota, dataset access |
Uncontrolled unless defined | Identity, storage policy, GPU scheduling | Teams interfere with each other or see

restricted data |

| Audit record | Governance evidence | Login, deployment, model update, data access, policy change | Not

useful unless retained and searchable | Logging configuration, time sync, retention policy | Cannot prove who

changed a model or accessed data |
| Telemetry stream | Operational signal | GPU, job, endpoint, application, infrastructure health | Partial until

correlated | Monitoring stack, alert rules, ownership | Incidents are diagnosed from symptoms instead of root

cause |



| HPE OpsRamp or platform observability | AIOps and telemetry correlation | Infrastructure, endpoint, service,

and incident signals where integrated | Partial until sources and ownership are configured | HPE GreenLake

cloud integration, alert routing, monitored components | Operators see isolated symptoms but cannot connect
them to the responsible layer |

1. Identify whether the scenario is about access, isolation, audit proof, or troubleshooting visibility.

2. For multi-team onboarding, inspect project or workspace boundaries, role mapping, dataset

permissions, and quota assumptions.

3. For compliance proof, inspect audit records for actor, object, action, timestamp, and result.

4. For incidents, correlate application, endpoint, job, GPU, storage, and platform health signals

through HPE OpsRamp or the supported observability workflow where available, rather than

checking one log source.

5. Keep governance and observability separate: observability can prove symptoms and ownership,

but identity and project policy enforce access.

6. Select the answer that preserves control and evidence before optimizing convenience or capacity.

Action: Inspect project role mappings, dataset access policy, and service account scope in the platform

administration view.

Expected state: Each user or workload has only the access required for the assigned project.

Command type: Logs/metrics/health status evidence
Action: Query audit and telemetry records for model deployment, data access, endpoint error, and job failure

events.

Expected state: Events show actor, object, timestamp, result, and correlated operational symptoms.

The governance chain starts with identity. A user or service account receives a role inside a project boundary;

that boundary controls dataset access, quota, and deployment authority. Actions create audit records, while
runtime behavior creates telemetry. When a failure or compliance question appears, operators trace from

actor to object to outcome. If roles are too broad or logs are incomplete, the platform loses the evidence

required for controlled private AI operations.

| --------------------------- | ------------------------------------------------------------------------------------------ | ----------------------

------------------------------------------------------------- |

| Validate role boundary | Identity or platform admin console: inspect user-to-role mapping for a project | Users

have only the roles required for their project tasks |

| Validate audit trail | Audit log query: filter deployment or data-access events by user and time | Relevant

actions show actor, object, timestamp, and result |

| Validate telemetry coverage | Monitoring dashboard: inspect platform, job, endpoint, and infrastructure
signals together | A failed workflow can be traced to the responsible software or infrastructure layer |



Practice Questions

1. Which role best describes NVIDIA AI Enterprise in the HPE Private Cloud AI software stack?

A. A replacement for customer data governance.
B. A document index that automatically fixes stale content without validation.

C. A physical rack power distribution unit.

D. A supported enterprise AI software layer that provides validated frameworks, runtimes, and AI

application components where included by the release.

2. A customer asks whether a model-serving component proves that a RAG assistant is returning
correct answers. What should the partner explain?

A. A healthy serving component proves retrieval, access filtering, and index freshness are all

correct.

B. RAG systems do not need model serving.

C. Model serving is only one layer; retrieval quality, corpus freshness, embeddings, index behavior,
and access policy must also be validated.

D. The only useful evidence is rack temperature.

3. Which software boundary is most relevant when an application receives 403-style access failures

while calling an AI endpoint?

A. Storage capacity only.
B. Identity, role assignment, endpoint policy, project isolation, or network access controls.

C. Prompt temperature.

D. GPU fan speed.

4. A team wants separate AI projects for different departments with controlled access and audit

evidence. Which software concern is most important?
A. Using the same unrestricted workspace for every department.

B. Removing audit logging to reduce noise.

C. Increasing prompt creativity settings for every user.

D. Project isolation, identity mapping, role scope, and audit trail validation.

5. Which statement best separates observability from governance in HPE Private Cloud AI
operations?

A. Observability captures health, logs, metrics, and traces; governance controls identity, policy,

approval, isolation, and audit obligations.

B. Observability and governance are identical terms for GPU count.

C. Governance means deleting logs after deployment.
D. Observability decides which users are authorized to access regulated data.

6. A customer sees that production is running an older approved model while a newer model exists in

testing. What is the most relevant software concept?

A. Network cable color.

B. Prompt spelling only.



C. Storage drive bay numbering.

D. Lifecycle and deployment version control.

7. What is the best validation approach when a software capability name changes across releases or
documentation?

A. Assume every old and new name refers to the same support status.

B. Use conservative release-aware validation through official HPE/NVIDIA documentation,

supported UI/API evidence, or configuration workflow output.

C. Ignore release boundaries and present any command as authoritative.
D. Remove the capability from the design without checking.

8. Which software-layer evidence best supports troubleshooting a failed AI application request?

A. End-to-end request trace, endpoint status, identity result, access policy, runtime health, and

relevant application logs.

B. A screenshot of the data center lobby.
C. A statement that all failures are caused by the model.

D. A decision to disable every policy before collecting logs.

9. A customer wants to prove that only approved users can access a private AI project. Which

software evidence is most relevant?

A. Identity mapping, role scope, project membership, endpoint policy, and audit records.
B. A larger GPU count.

C. A storage capacity estimate without access review.

D. A prompt that asks users to behave responsibly.

10. A model endpoint is reachable, but a new application release sends requests to the wrong project

workspace. Which software control should be reviewed first?
A. Rack elevation drawing.

B. Storage shelf numbering.

C. Application configuration, endpoint mapping, project isolation, and deployment environment

variables.

D. Cooling airflow direction only.

Describe the differences between each solution's config sizes

Configuration Size Selection and Capacity Tradeoffs

Exam Radar

Core Priority: This topic tests whether sizing follows workload evidence and growth assumptions

rather than guesswork.



High Frequency: Expect pilot-to-production growth, GPU pool demand, model size, concurrency,

storage path, and expansion scenarios.

Confusion Alert: Small pilot does not always mean smallest configuration, and future growth does
not automatically mean largest configuration. The answer must justify the capacity envelope.

Scenario Logic: Combine current workload telemetry with near-term growth, data volume, GPU

memory demand, concurrency, and operational constraints.

Version Delta: Exact configuration names and component options must be validated in current

HPE tools, so explain the sizing logic instead of memorizing stale bundles.

Failure Trigger: The wrong path uses user count alone, budget alone, or a vague growth

statement as the only sizing input.

Operational Dependency: The dependency is a documented capacity model: workload type,

concurrency, model footprint, data path, and expansion trigger.

How the Exam Asks It: The stem may describe a pilot plus expected departmental growth and ask
what should drive configuration selection.

How Distractors Are Designed: Distractors pick the largest or smallest size without workload

evidence.

Why the Correct Answer Works: The correct answer connects measurable demand and planned

growth to the configuration envelope.

Atomic Deconstruction - Operational Level

Comparing HPE Private Cloud AI configuration sizes by workload concurrency, GPU demand, storage path,

and operational growth. Configuration size is a capacity envelope, not a label to memorize. The learner
should connect model footprint, user concurrency, training or inference pattern, dataset growth, storage

performance, network design, and expansion assumptions to the chosen solution size.

The why-layer is that sizing errors become operational failures. Undersizing creates queues, failed jobs, or

blocked adoption. Oversizing consumes budget and may still miss a governance or data-path requirement.

The exam is likely to reward the answer that asks for workload evidence and documented growth before
finalizing a configuration.

HPE materials describe HPE Private Cloud AI as supporting multiple optimized configuration sizes, but the

exam skill is not memorizing a bundle name. The useful reasoning is to match small pilots, department

expansion, production inference, RAG data growth, and training pressure to the configuration envelope, then

validate the result through HPE Intelligent Configurator and One Config Advanced. If a question names "four
configurations" or "solution sizes," treat that as a prompt to compare capacity tradeoffs, not to guess a SKU.

Component Specifications

| Object | Attribute | Value Range | Default State | Dependency | Failure State |



| ---------------------------- | ----------------------------------- | ----------------------------------------------------------------------------

-------- | ----------------------------------------- | ----------------------------------------------------------------------- | ------------------

--------------------------------------------------------------- |
| Configuration size | Capacity envelope | Entry, midrange, larger production-oriented configurations | Selected

after workload evidence | GPU count, node count, storage/network design, support matrix | Customer buys

capacity that cannot meet workload or wastes budget on unused scale |

| GPU pool | Accelerator allocation boundary | Number, type, memory, scheduling availability | Unassigned

until workloads are mapped | Workload class, model size, concurrency | Queueing, failed jobs, or idle
overprovisioning |

| Storage profile | Data capacity and performance class | Dataset size, growth rate, read/write intensity |

Estimated before pilot | Ingest rate, retention, network fabric | Data path throttles compute or exhausts

capacity |

| Growth assumption | Expansion trigger | New teams, larger models, higher concurrency, more data |
Unproven until roadmap is documented | Budget, rack/power, support lifecycle | Solution cannot scale without

disruptive redesign |

| HPE configuration validation | Supported solution fit | HPE Intelligent Configurator and OCA evidence,

required options, compatibility state | Not accepted until validation is complete | Qualified workload inputs,

current catalog rules, regional availability | The selected size looks plausible but cannot become a supported
proposal |

Step-by-Step Execution Path

1. Separate current pilot demand from documented growth demand. Treat both as inputs, not as
automatic sizing answers.

2. Identify workload class and resource pressure: GPU memory, endpoint concurrency, training

duration, data volume, storage throughput, and network path.

3. Convert growth into an expansion trigger such as more departments, larger models, more

concurrent users, or additional datasets.

4. Map those inputs to the HPE Private Cloud AI configuration-size conversation before opening HPE

Intelligent Configurator or OCA.

5. Check whether rack, power, cooling, network, support, and lifecycle assumptions allow the selected

size to grow.

6. Choose the configuration discussion that balances present evidence with planned capacity rather
than selecting by user count alone.

Conservative verification examples:

Command type: Design review evidence

Action: Map pilot telemetry, target concurrency, model memory, data volume, and growth trigger to a

candidate configuration envelope.



Expected state: The selected size explains both current demand and the documented near-term expansion

path.

Command type: Configuration inventory evidence
Action: Compare selected size assumptions with rack, power, cooling, fabric, and support constraints.

Expected state: The size can be deployed and expanded without contradicting site or support limits.

Technical Chain

Sizing starts with demand, not with a bundle name. Workload class defines the resource pressure; pilot

telemetry gives a baseline; growth assumptions define headroom; site and support constraints define what

can be deployed. The chosen configuration is valid only when those inputs agree. If a candidate chooses size

from one clue, such as current users or general growth, the design can fail even if the named configuration

exists.

Operational Skills Matrix

| Task | Precise Command or Path | Verification Standard |

| --------------------------------- | -------------------------------------------------------------------------------------------------------------

---- | ------------------------------------------------------------------------- |
| Validate workload-to-size mapping | Sizing worksheet evidence: map model size, concurrency, data volume,

and growth trigger to configuration envelope | Selected size satisfies measured and near-term documented

demand |

| Validate GPU demand | Pilot telemetry: inspect GPU memory use and request concurrency under

representative load | GPU demand fits inside the selected pool with planned headroom |
| Validate expansion constraint | Design review evidence: inspect rack, power, cooling, network, and support

assumptions | Expansion path does not require redesigning the initial solution boundary |

HPE Intelligent Configurator and One Config Advanced Workflow Evidence

Core Priority: This topic is about moving from sizing logic to a validated HPE configuration

workflow.

High Frequency: Expect HPE Intelligent Configurator, One Config Advanced, BOM, compatibility,

warnings, required options, and assumption traceability.

Confusion Alert: A manually typed SKU list is not the same as a supported configuration. The

exam wants validation evidence.

Scenario Logic: Use discovery and sizing inputs first, then use HPE configuration tools to validate
compatibility and required components.

Version Delta: Catalog, SKU, region, and support rules can change, so tool validation is more

reliable than memorized part lists.



Failure Trigger: The wrong answer presents a design before resolving configurator errors,

warnings, or missing attach components.

Operational Dependency: The dependency is a clean validation state tied back to workload
assumptions and customer constraints.

How the Exam Asks It: The stem may ask what evidence should be checked before presenting or

finalizing a design.

How Distractors Are Designed: Distractors use public articles, manual lists, or visual preferences

instead of HPE tool evidence.

Why the Correct Answer Works: The correct answer uses HPE IC/OCA workflow evidence to

prove that the selected solution is supportable and traceable.

Using supported configuration tools to translate sizing decisions into a validated HPE Private Cloud AI

solution configuration. HPE Intelligent Configurator and One Config Advanced represent the bridge between

architecture reasoning and a proposal-ready configuration. The learner should not memorize unsupported
SKU combinations; the skill is knowing when tool validation, required options, compatibility warnings, and

assumption records matter.

The why-layer is that private AI configurations have dependencies. GPU choices depend on server platform

and support matrix. Storage and network choices depend on workload and solution size. Services and

support options may be required for a complete proposal. Tool validation protects the design from missing or
incompatible components, while assumption traceability explains why the design was selected.

| ---------------------------- | ----------------------------- | -------------------------------------------------------- | ------------------------

----------------- | -------------------------------------------------------------- | --------------------------------------------------------------

---------- |

| HPE Intelligent Configurator | Guided sizing input | Workload, solution family, configuration size, options | No
valid output until inputs are complete | Current HPE catalog, compatibility rules, user selections | Selected

parts do not match solution support or required capacity |

| One Config Advanced | Bill-of-material construction | SKU selection, dependencies, services, support options

| Incomplete until validation passes | Configurator rules, regional availability, attach requirements | Quote or

BOM misses required components or contains incompatible choices |

| Validation result | Configuration evidence | Warnings, errors, required options, compatibility status | Unknown

until tool validation runs | Rule engine, product lifecycle state, selected options | Unsupported design reaches

customer proposal |

| Solution assumption record | Design traceability | Workload inputs, selected size, options rationale | Often

missing unless documented | Discovery notes, tool output, review approval | Cannot explain why a
configuration was selected |

1. Start with qualified inputs: workload class, model or endpoint demand, data path, security boundary,

growth assumption, and target configuration size.



2. Enter those assumptions into the supported HPE configuration workflow rather than building a

manual list from memory.

3. Review required options, compatibility warnings, regional or lifecycle constraints, and support
attachments.

4. Resolve validation errors before presenting the design; document intentional warnings and the

reason they remain acceptable.

5. Compare the final BOM with discovery notes so every major component traces to workload,

governance, capacity, or support requirements.

Command type: Vendor-supported UI/API evidence

Action: Review HPE Intelligent Configurator input fields and generated solution recommendations for the

selected workload.

Expected state: Inputs match discovery evidence and produce a coherent solution direction.

Action: Inspect One Config Advanced validation status, required components, warnings, and BOM output.
Expected state: No unresolved validation errors remain, and every major component traces to a documented

assumption.

The configuration chain starts after discovery and sizing logic. Qualified workload assumptions become

configurator inputs. The configurator applies current HPE rules, required options, compatibility checks, and

lifecycle constraints. OCA output then becomes proposal evidence only if errors are resolved and warnings
are understood. Without that chain, the design may look complete but fail supportability or compatibility

review.

| ---------------------------------------- | ----------------------------------------------------------------------------------------------- | ----

------------------------------------------------------------------ |

| Validate configurator input completeness | HPE Intelligent Configurator path: review workload and solution-
size input fields before output | Required fields reflect the discovery and sizing assumptions |

| Validate OCA compatibility | One Config Advanced validation view: inspect errors, warnings, and required

attach components | No unresolved errors remain and warnings are intentionally addressed |

| Validate design traceability | Proposal review evidence: compare discovery notes, selected size, configurator

output, and BOM | Every major component traces back to a workload or support requirement |

Practice Questions

1. A customer has a small proof of concept with limited users, a narrow RAG corpus, and modest

concurrency. What sizing principle should guide the first recommendation?

A. Start from workload constraints and validated configuration options rather than defaulting to the

largest size.
B. Always choose the largest configuration regardless of use case.

C. Ignore concurrency and corpus growth because proof of concept workloads never expand.

D. Select a configuration before checking supported HPE workflow evidence.



2. Which requirement most strongly pushes a solution toward a larger configuration size?

A. A single-user demo with static documents.

B. No production users and no defined data source.
C. High user concurrency, larger model footprint, demanding latency targets, heavy data

movement, or multi-team production operations.

D. A preference for fewer discovery questions.

3. What is the purpose of using HPE Intelligent Configurator or One Config Advanced evidence in the

sizing workflow?
A. To validate supported components, compatibility, required options, and configuration

completeness.

B. To replace the need for any customer requirement discussion.

C. To guarantee model accuracy without retrieval testing.

D. To remove lifecycle governance from the design.

4. A proposed configuration has enough GPUs on paper, but the required storage and network

options are missing from the validated bill of materials. What is the best answer?

A. Accept the design because GPU count is the only supportability criterion.

B. Delay all validation until after purchase.

C. Treat the configuration as incomplete until required options and compatibility are validated.
D. Remove observability from the design to make the bill of materials shorter.

5. Which comparison best reflects configuration-size tradeoff reasoning?

A. Smaller configurations may suit pilots or limited concurrency, while larger configurations may

support more users, larger models, heavier data paths, or production growth.

B. All configuration sizes have identical capacity and operational intent.
C. Larger configurations are chosen only because they have more impressive names.

D. Smaller configurations automatically solve every production workload.

6. During a design review, which evidence should be used before finalizing the configuration size?

A. The customer's preferred slide color.

B. A generic assumption that every AI project has the same capacity need.
C. Only the price of the first line item.

D. Workload profile, user concurrency, model size, data path requirements, governance needs,

validated BOM, and supported configuration output.

7. A customer wants to scale from a pilot to multiple departments. What should be revisited before

expanding the configuration?
A. Whether workload concurrency, data access boundaries, storage/network pressure, operations

ownership, and lifecycle controls have changed.

B. Whether all departments can share one unrestricted admin account.

C. Whether model version records can be deleted to simplify operations.
D. Whether the original pilot assumptions should be frozen permanently.



8. What is the biggest exam trap in HPE2-B08 configuration-size questions?

A. Treating size selection as an evidence-based mapping from workload and supportability

requirements.
B. Checking validated configuration output before recommending a bill of materials.

C. Choosing a size from one visible clue while ignoring workload class, data path, concurrency,

governance, and supported configuration evidence.

D. Asking the customer about production objectives and maturity.

9. A customer asks whether a pilot configuration can be reused unchanged for a production rollout.
What is the best response?

A. Yes, a pilot configuration always becomes production-ready without review.

B. No, production scope should be revalidated against concurrency, model footprint, data path,

governance, operations, and supported configuration evidence.

C. Yes, governance controls should be removed to preserve pilot performance.
D. No, every production rollout must automatically choose the largest size without requirements

analysis.

10. Which finding from a configuration workflow most directly requires correction before a

recommendation is finalized?

A. A required option or compatibility dependency is missing from the validated configuration output.
B. The customer asks for documented supportability evidence.

C. The workload profile includes expected concurrency.

D. The design review includes storage and network assumptions.

Learning Path & Study Advice
Start with the Knowledge Overview so you can see the full exam scope and the exact order of the

official domains, beginning with Recognize Fundamental AI Concepts, Assess customers' AI

maturity, workloads, and use case, Describe the infrastructure components of HPE Private Cloud AI
with NVIDIA.

Read the Core Explanation in each knowledge point first to build a clean baseline understanding of

the terminology, technologies, and customer scenarios.

Continue into the Advanced Explanation to deepen your understanding of design trade-offs,

deployment planning, optimization options, and operational decision-making.

Work through the Practice Questions immediately after each knowledge point and answer them

before checking the attachment section to strengthen retention.

Revisit the answer attachment to identify weak areas, then loop back into the corresponding

knowledge-point section for targeted review.



Who This PDF Is For
This study pack is intended for learners preparing for the HPE Private Cloud AI Solutions exam who want a

structured, exam-aligned review resource. It is especially useful for professionals who need to connect the

exam's knowledge points with practical responsibilities, business context, and operational decision-making.

It is also a good fit for self-paced learners who prefer to study from organized knowledge points, detailed
explanations, and directly paired practice questions instead of jumping between multiple separate files.

Call To Action
This document provides an overview of structured learning and certification preparation approaches. For

learners seeking clear knowledge organization, guided study planning, and exam-focused practice resources,

AAAdemy offers a comprehensive platform to support independent and effective learning.

Explore additional training materials, study guidance, and practice resources at:

https://www.aaademy.com/

Attachment: Answers by Knowledge Point

Recognize Fundamental AI Concepts

Q1. Correct answer:
C. A training workload with a data-ingestion dependency that must be profiled before GPU count is finalized.

Explanation: Training symptoms include long epochs, batch movement, GPU idle periods, and storage

pressure. C is best because the data path can starve the accelerator even when GPUs are present. A targets

inference concurrency, not epoch throughput. B addresses model output behavior, not infrastructure

utilization. D may become relevant later, but it skips the first workload classification step.

Q2. Correct answer:

B. RAG retrieval freshness, including corpus update, embedding, and index behavior.

Explanation: Fluent but stale answers usually point to the retrieval and grounding path. B checks the corpus,

embeddings, index, and retrieval evidence that feed the model. A and C address infrastructure capacity

without explaining outdated context. D may affect response style, but it does not prove the assistant retrieved
current policy content.

Q3. Correct answer:

A. Inference focuses on request latency, concurrency, model footprint, and serving capacity.

Explanation: A is correct because inference is about serving user or application requests within performance

https://www.aaademy.com/


targets. B is not always true; training can be heavily storage bound. C is wrong because training commonly

depends on GPU memory, interconnect, and batch execution. D is wrong because workload type changes the

relevant evidence.

Q4. Correct answer:

D. Whether retrieval permissions, source corpus scope, and index results match each department's data

boundary.

Explanation: D is correct because inconsistent grounded answers can arise from retrieval scope, access

filtering, or index content mismatches. A treats the issue as raw capacity. B weakens security and does not
solve grounding. C is the opposite of a controlled RAG design.

Q5. Correct answer:

A. Which workload pattern are you planning: training, fine-tuning, inference, RAG, or preprocessing?

Explanation: A identifies the pressure pattern before a configuration is selected. The exam expects workload-

first reasoning because training, inference, RAG, and preprocessing stress different resource paths. B is
irrelevant. C assumes capacity solves every issue. D ignores the security and governance boundary.

Q6. Correct answer:

B. User requests queue up and response latency rises during peak application traffic.

Explanation: B describes inference serving pressure: requests, queues, latency, and concurrency. A and D are

retrieval or preprocessing symptoms. C points to training execution and data ingestion rather than endpoint
serving.

Q7. Correct answer:

C. Because the bottleneck may be retrieval, storage throughput, endpoint concurrency, lifecycle versioning, or

governance rather than accelerator count.

Explanation: C is correct because the exam rewards identifying the controlling dependency before adding
capacity. A and D are false. B is wrong because telemetry and supported management evidence are part of

operational validation.

Q8. Correct answer:

A. Whether the production endpoint is using the approved model artifact or deployment version.

Explanation: A targets model lifecycle control, which owns unexpected behavior after an update. B is capacity
focused and does not explain version drift. C is irrelevant. D creates risk and does not validate the artifact

running in production.

Q9. Correct answer:

B. Separate model availability from grounding evidence, then validate retrieval results before changing

compute.
Explanation: B is correct because an available endpoint does not prove that relevant context reached the

model. A jumps to infrastructure without evidence. C ignores the retrieval dependency. D weakens

governance and may expose data without solving the empty retrieval result.



Q10. Correct answer:

D. Retrieval-augmented generation data preparation.

Explanation: D is correct because embedding, chunking, indexing, and refresh cadence belong to the RAG
preparation path. A is a physical deployment task. B may affect application access but does not create

embeddings. C may support hardware operations but does not refresh a vector index.

Assess customers' AI maturity, workloads, and use case

Q1. Correct answer:

B. Begin with AI maturity and use-case qualification before recommending a configuration.

Explanation: B is correct because immature or undefined AI initiatives need clarification of use case, data
ownership, compliance, operating model, and success metrics. A is a product-first mistake. C delays controls

that shape the architecture. D ignores the dependency between model value and usable governed data.

Q2. Correct answer:

C. Position HPE Private Cloud AI as a private, governed AI platform aligned to data control and operational

management.
Explanation: C connects the business use case to data residency, governance, lifecycle control, and private AI

operations. A ignores sensitive data. B is unsafe and contradicts the scenario. D misses infrastructure and

operating requirements.

Q3. Correct answer:

B. The issue may be data readiness or RAG grounding, not model capability alone.
Explanation: B is correct because the model cannot ground answers in documents it never receives. A

replaces the model before testing the dependency. C adds capacity without evidence. D narrows the issue to

networking without retrieval symptoms.

Q4. Correct answer:

B. "Our users need answers in under a business-approved latency target, and the document corpus updates
daily."

Explanation: B gives measurable constraints: latency and corpus update cadence. Those can drive serving

capacity, retrieval refresh, data path, and operational evidence. A is vague. C removes a key governance

input. D reverses the proper qualification sequence.

Q5. Correct answer:
D. Lifecycle control, operations ownership, monitoring, access policy, and supportable configuration evidence.

Explanation: D is correct because production maturity requires repeatable operations, ownership, monitoring,

governance, and validated configuration. A increases production risk. B treats cost as the only requirement. C

ignores observability.

Q6. Correct answer:
A. "Which application or decision will consume the AI output, and what accuracy, latency, data, and security

constraints must be met?"



Explanation: A links business outcome to technical constraints. B and D erase workload differences. C delays

security controls that should shape the platform conversation.

Q7. Correct answer:
D. The lack of a data preparation and governance process for corpus selection, chunking, indexing, and

access control.

Explanation: D is correct because RAG reliability depends on governed source data, chunking, embeddings,

index behavior, and access control. A is irrelevant. B weakens the security boundary. C skips the data

dependency.

Q8. Correct answer:

C. Workload class, data readiness, compliance boundary, user concurrency, and operations maturity

determine whether a configuration is supportable and fit for purpose.

Explanation: C captures the HPE2-B08 decision logic. A and D are false because configurations must be

mapped to real constraints and supportability evidence. B ignores scenario-specific sizing.

Q9. Correct answer:

B. The customer has an operations and governance readiness gap that must be resolved before production.

Explanation: B is correct because production AI requires ownership for data refresh, model promotion,

monitoring, and incident handling. A is irrelevant. C delays required controls. D mistakes a successful pilot run

for operational readiness.

Q10. Correct answer:

A. Whether the use case can be tied to data residency, access control, audit, and private operational

requirements.

Explanation: A is correct because private AI positioning depends on regulated data boundaries and

operational control. B conflicts with the scenario. C ignores ownership. D violates access and audit principles.

Describe the infrastructure components of HPE Private Cloud AI with
NVIDIA

Q1. Correct answer:

D. HPE ProLiant GPU compute with supported NVIDIA accelerators and validated platform integration.

Explanation: D is correct because compute nodes, GPUs, drivers, and validated integration form the

accelerator execution layer. A, B, and C do not provide the private AI compute foundation described by the

exam scope.

Q2. Correct answer:

B. The storage and network data path that feeds batches to the GPUs.

Explanation: B is correct because training acceleration depends on timely data movement into GPU

execution. A and D are irrelevant. C may affect user interaction but not the batch data path starving GPUs.



Q3. Correct answer:

C. It provides a data source and performance/governance foundation that can feed training, preprocessing, or

RAG workflows.
Explanation: C is correct because AI workloads depend on data locality, throughput, governance, and access.

A confuses storage with model serving. B overstates storage's role. D is wrong because access policy

remains a dependency.

Q4. Correct answer:

D. GPU memory, GPU utilization, interconnect behavior, storage throughput, and supported configuration
compatibility.

Explanation: D collects the evidence that controls distributed training behavior and supportability. A and B are

unrelated. C removes the evidence needed for validation.

Q5. Correct answer:

D. AI workloads may move large datasets, embeddings, model artifacts, and inference traffic between
compute, storage, and services.

Explanation: D is correct because AI pipelines depend on data movement and service communication. A is

false. B confuses transport with model quality. C is wrong because network and storage must both be

considered when relevant.

Q6. Correct answer:
C. GPU utilization drops whenever the training job starts loading the next data batch.

Explanation: C ties GPU idle time to data loading, which is a classic storage or data-path clue. A is an answer-

quality concern. B is identity or access failure. D is not a technical symptom.

Q7. Correct answer:

B. Whether it is supported by the relevant HPE/NVIDIA validated configuration, release, or configuration
workflow.

Explanation: B is correct because supportability and validated integration matter in HPE2-B08 solution

reasoning. A is not authoritative. C does not prove fit. D undermines operational management.

Q8. Correct answer:

B. Observability provides logs, metrics, and health evidence that connect symptoms to GPU, storage,
network, service, or lifecycle dependencies.

Explanation: B is correct because HPE2-B08 emphasizes evidence-based validation. A is wrong because

classification still matters. C is false. D overstates what metrics can prove; answer quality also depends on

retrieval and model behavior.

Q9. Correct answer:
C. Correlated GPU utilization, job phase timing, storage throughput, and network path metrics.

Explanation: C is correct because accelerator efficiency depends on the surrounding data path and job timing.

A and B are unrelated. D removes the evidence needed to prove that GPUs are not waiting on storage or

network dependencies.



Q10. Correct answer:

D. Because compute, GPU, network, storage, management, and validated compatibility must work together to

support the workload.
Explanation: D is correct because the platform is evaluated as a complete supported solution. A is too narrow.

B ignores operating and lifecycle dependencies. C skips supportability validation.

Describe the software components of HPE Private Cloud AI with
NVIDIA

Q1. Correct answer:

D. A supported enterprise AI software layer that provides validated frameworks, runtimes, and AI application

components where included by the release.
Explanation: D is correct because NVIDIA AI Enterprise belongs to the supported AI software and runtime

layer. A confuses runtime with governance. B incorrectly treats runtime software as a complete retrieval

governance system. C is hardware power infrastructure.

Q2. Correct answer:

C. Model serving is only one layer; retrieval quality, corpus freshness, embeddings, index behavior, and
access policy must also be validated.

Explanation: C is correct because the serving layer can be healthy while retrieval is wrong or stale. A

overclaims. B is false because generation still requires a model endpoint. D ignores the software and data

workflow.

Q3. Correct answer:
B. Identity, role assignment, endpoint policy, project isolation, or network access controls.

Explanation: B is correct because access failures are controlled by identity, authorization, endpoint policy,

isolation, and reachable network paths. A, C, and D do not explain authorization failure at the endpoint

boundary.

Q4. Correct answer:
D. Project isolation, identity mapping, role scope, and audit trail validation.

Explanation: D is correct because department separation requires governance controls and evidence. A

weakens isolation. B removes validation evidence. C is unrelated to access control and audit requirements.

Q5. Correct answer:

A. Observability captures health, logs, metrics, and traces; governance controls identity, policy, approval,
isolation, and audit obligations.

Explanation: A correctly separates evidence collection from policy and control decisions. B is false. C is

unsafe. D assigns authorization decisions to observability rather than governance and identity controls.

Q6. Correct answer:

D. Lifecycle and deployment version control.
Explanation: D is correct because model version, approval, promotion, and endpoint deployment state



determine what production runs. A and C are physical details. B does not explain controlled promotion

between environments.

Q7. Correct answer:
B. Use conservative release-aware validation through official HPE/NVIDIA documentation, supported UI/API

evidence, or configuration workflow output.

Explanation: B is correct because HPE2-B08 content should avoid unsupported command or product claims.

A and C create version risk. D may discard a valid capability without evidence.

Q8. Correct answer:
A. End-to-end request trace, endpoint status, identity result, access policy, runtime health, and relevant

application logs.

Explanation: A provides the software and operational evidence needed to isolate the fault. B is unrelated. C is

an unsupported assumption. D destroys the security posture and can hide the real cause.

Q9. Correct answer:
A. Identity mapping, role scope, project membership, endpoint policy, and audit records.

Explanation: A is correct because user access is governed by identity, role, project, policy, and audit evidence.

B does not prove authorization. C lacks access validation. D is not a technical control.

Q10. Correct answer:

C. Application configuration, endpoint mapping, project isolation, and deployment environment variables.
Explanation: C is correct because the symptom points to software configuration and isolation boundaries. A,

B, and D are physical infrastructure details that do not explain why requests reach the wrong workspace.

Describe the differences between each solution's config sizes

Q1. Correct answer:

A. Start from workload constraints and validated configuration options rather than defaulting to the largest

size.
Explanation: A is correct because HPE2-B08 expects sizing to follow workload, maturity, concurrency, data

path, and supportability evidence. B is wasteful and unjustified. C ignores growth risk. D skips validation.

Q2. Correct answer:

C. High user concurrency, larger model footprint, demanding latency targets, heavy data movement, or multi-

team production operations.
Explanation: C lists measurable drivers that can justify a larger configuration. A usually suggests a smaller

starting point. B means the requirement is not mature enough for reliable sizing. D is a process preference,

not a technical constraint.

Q3. Correct answer:

A. To validate supported components, compatibility, required options, and configuration completeness.
Explanation: A is correct because HPE IC/OCA-style workflow evidence supports configuration validity and



completeness. B is wrong because requirements still drive sizing. C confuses configuration with model quality.

D ignores production control needs.

Q4. Correct answer:
C. Treat the configuration as incomplete until required options and compatibility are validated.

Explanation: C is correct because AI configuration size includes the complete supported system, not only

GPUs. A ignores data path and compatibility. B is risky. D removes operational evidence without solving the

missing required options.

Q5. Correct answer:
A. Smaller configurations may suit pilots or limited concurrency, while larger configurations may support more

users, larger models, heavier data paths, or production growth.

Explanation: A is correct because sizing is a tradeoff between use case, concurrency, model/data

requirements, growth, and cost. B, C, and D erase the workload-driven differences that the exam tests.

Q6. Correct answer:
D. Workload profile, user concurrency, model size, data path requirements, governance needs, validated

BOM, and supported configuration output.

Explanation: D is correct because it combines business, technical, and supportability evidence. A is irrelevant.

B ignores scenario differences. C treats cost as the only decision point.

Q7. Correct answer:
A. Whether workload concurrency, data access boundaries, storage/network pressure, operations ownership,

and lifecycle controls have changed.

Explanation: A is correct because scaling changes both capacity and operating constraints. B violates access

control. C removes lifecycle evidence. D ignores growth from pilot to production.

Q8. Correct answer:
C. Choosing a size from one visible clue while ignoring workload class, data path, concurrency, governance,

and supported configuration evidence.

Explanation: C is the trap because it turns sizing into a shortcut. A, B, and D are the disciplined behaviors the

exam expects: classify the workload, gather constraints, and validate supportability before final

recommendation.

Q9. Correct answer:

B. No, production scope should be revalidated against concurrency, model footprint, data path, governance,

operations, and supported configuration evidence.

Explanation: B is correct because production can change capacity, security, operations, and supportability

requirements. A freezes pilot assumptions. C removes controls. D replaces evidence-based sizing with
another shortcut.

Q10. Correct answer:

A. A required option or compatibility dependency is missing from the validated configuration output.



Explanation: A is correct because a missing required option or compatibility dependency means the design is

not complete enough to finalize. B, C, and D are healthy validation inputs rather than problems to avoid.


